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Abstract

The paper reviews the journal papers and book chapters published in Taiwan,
trying to depict their features and problems. There are three points in the paper. First,
the definitions and conceptual implications of big data, small data, and big social data
are explored. Second, the epistemological and methodological problems are considered.
Finally, the myths of algorithms are debunked by demonstrating the built-in errors
accompanied with and limitations of algorithms. The studies of big data in Taiwan and
by Taiwanese scholars might as well focus on the three issue areas. Only then can we
establish solid epistemological, methodological and theoretical foundations for the

making of public policies.
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IReREEIR - R ESER - SFaA SR > TR -

RLTRY 80
B ATEIN A REIE T (BATIaR B SEE RS ) KRBT o Rlam ~ TAERZEH
TRt~ HERIERR GRS - BEEERSE -
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2016) ; REUREMEE R AGFIPI T (TR > 2016)  KREIRHIEER
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B fRHIE S ) BAGHYE R B e A -

BB BT A A A= 2R NS S R ZE RS P oy i (FP B > 2015 )
GBI NI EhH R BEE oA (3257 > 2017) ~ (& RAHE YouBike EHiESR
FEEIT Ry (SRR ~ 2EFHE - 2018) F - KUBBUERESESHIFE A & 8B i 54
SR IR E R sR B E ORI (GRIE(E ~ s > 2018) ~ BURdOR R HIRE (ZE
$EHf > 2018 ) -

JLIENG BEUEE T A KBRS S B TR a(FFEEF - S35 #2015 )
REFEANLIREE (HRES 2015) ~ REGRHEFR V6 (EEf - 2015) -

KBRS as R S8 E OT57% > 2016) % -

&f Rl - tH e ERELRE SRR BRI I - o] ERA L 26 (R - E 5
2 S AT BRI E 2 MR BN S P i 2 B E R (volume )~



REHETR (velocity) ~ FRIEFFAIZEE (variety ) ZskfE V s IERtT R (FEE
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ey - iSRG R ARS (data ontology ) JZBIREAY - TREHFSEE AT
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A S s L TR B S Y BB P E 2 - B AEHE B Sl 2 (9 2% 3% ( Theodor
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methodological rules ) « &8E5- A HYRIE2ARTE (empirical-analytic sciences ) Bl &
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BRI - PRS- REAYREEE (historical-hermeneutic sciences ) E& A B YR H1HL R
(practical cognitive interest ) » T2 J7IARAZERE (interpretation ) » {E A 5 T
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AAEE - TERFERIE - HeE - R aIH B A4S 8140E 5L (life-world ) HHHYER
B~ BRI - ZIRIRA REUE TV E BB SR IS - REUE IRy
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B KB T8 ) BRI BEE R R AR A SR IERE
(LRI SRR ERBLIR - OTMERNETATZ B RIHI4E4E &k s
SERARE ~ BT (EABSELIL) - BRSNS (XFE - BEME ) HE
EIFEHISHIRIE (profiling) » S ATHIBEEZA » [ REIEA AR - TE11E
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4y QARG & ] DS — (8 NS — (e VRS A —E ENEREE
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ME) < 28 > R ASCEH EREARERE @ HEVER e aiE T
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governance ) BEFERES (algorithm machines) PZEfAYITE o IHEIAR T E AT
BRI EEHE - L ARIBRFHE AR BAVRER (Kitchin, 2017: 14-15) - FfE
EBMAY > RN REBEVANE R MR EE A H E A TGS AR
HY H A& B HTEREBUA ~ A &0  th & B bl ? EEER L IE -
FEINEE > A (TR EARAI IR ? SR EE T 2 MERIRERACR -
e E KRS -

HELER R TR AT R A E R AR A 2 b - EfRaR (bias) BYATEEMEH
SRR BRAA TSR AT B P « SRBEDERIRARACR - EFEE A (B8R BittEr (i
&) BrREREIE & (B TE - EIRGAVEEDE - BRESNET - A
ARSI UL ) s 2289 (emergent » A1{0 FH &5 B 24tk T IR $EH5 mismatch ) -
HERFIVEEA 3T (Twitter Trend ) REFEELEERE(BSLHE(ETHG > B iR BRERETHE
AYFEERMEE - a2 » MERPREL S ER ABE B 24E (naturalize) - {HiE
fEEF AN EHR > M REBE ARG T 25 2 Fh 2Rrv45 5 (Willson, 2016:
9-10) - tilEsR - MEDENREARIEAN HUZFReE (debug) AU - SE2(E
FHRTE -

AR E AT 2 — 0 B R S5 (Google Flu Trends,
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a2 - AERE TEORER B - e AR - B TR EEEEA RS
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among data )fY IR - 1% ARAVBHFE DR - 2 i il - Y (2 1581 ( lagged models )
B THEA RS bbb BUA T & - KBS TEHIAR REHL A AR AV4RE T 0T
ERIE T DASE S WRETR s m R0E - 155 5 AR ff s 5 S B A Fe 3 B B
KOG - AEEUABIRE T TAZATHYESONE M RAVESIT R M E s EEE
=5 | BAVHEEE R BHEST R O ERIEN 2 SR SEINE R 2R
S—TEEREWRNFEE - kB BUE \YELEEZIEHI#E(E (Lazer etal., 2014 ) -
WFATERAVGEEE " I ) 1R - WIS B GRS BRI S
fBohe - LS HEE R eI Y -

S EERA T SERY B2 00 R ( Amazon.com ) - 2009 ££ 4 H - fEZR Mark
R. Probst ¥ - b [E 4 S s EFEE LS ANV BHER S BN A dele » 1%
A A B R A FINECRS BB A TR ERR AN ER - e C
HYER &M aEE - HEEFZ A TIRINCE B4R IASRE R PR RV - ST 8
REFERIHIATZ A SIS E Y b 51 33 = AW EIERE TARATR /N
LVERAYHEAKER (Striphas,2015: 395-396) - {EHERHEET - EfRMAIERE0A
ZIE F— (R s s A Be e A el B N E AN (IS (B » (E R BR e
A H AT H R ARSI —(E BN RS S BEE - AR SIS
ERHIEE - e s (T 2SR ERVRRE R — R B - (H T8
TS 2 BN E I RE R BRI ER 2 S - BHIGT - R EE EF U HErV#E -

A VEERERER TP AT RS S RS Y & LRV E R EEE 0 2 B IERERY
BRI A RIS SE S B A B R R B B AR SRR B AL
FUEHEAINA - R S B A R N EIE R E L E A 1=
A o AN ISR RE R SR firehose » AHY A A AEZ %] garden hose
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B AR A AR (B NG ERRERRIECT I > B2 448 B T RrIHY
EHE) o R MTHHESCI R EFE Z RegIRSE - A —ERFTA A HHEIA
FMEBAS (boyd and Crawford, 2012: 668-670) - 4R &R sREHR A EH FARE
A 2R > BEE BT B Al S EREEEDAE LB BEFN SRS 1Y
ERNM{EFE (Striaphas, 2015: 406-407; Beer, 2017: 2-3; Kitchin, 2017: 15,20) -
A HREL TR Trt& , (Black Box Society) M H aa s EEZEH
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RESE ST E R EE R - B2 AR - WE I ER T ARG TSR -
piran » 2 DL RS I B R o3 A4 > $RHERE S ( Barack Obama ) BZEME ( Mitt
Romney ) 35:%58 55 IR A A IIRIAYHER SO - S8 3RVBHERY KA 5C & 5341 (Latent
Dirichlet Allocation, LDA ) 2fEIFESE RS 23 E A (unsupervised machine
learning algorithms ) » bR B R FERRE Y S A 53 #fr ( dictionary-based textual analysis )
EREER T (topic) - FIEHYAREELRUE SN &# - {2 LDA A Ei Atk
B BB B R FLBRH AT AR R AR B ~ SGREFEE o EIEIE A S R
B (natural language processing ) B¢ FA B g R is (- - BB HEEREEE -
AR TRARIA TGV - fsme W —fEEUE - # i S RS S N BRI
PRER PR  SOASES - RIFFIR - BllTE > BB EMIE B R
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